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Introduction

In the digital era, the transformation of the media environment and the increasing volume
of scientific and popular information pose new challenges to journalism and scientific
communication. The relevance of studying the use of artificial intelligence (Al) in scientific
journalism arises from the need to increase the speed and quality of content creation, optimise
the processing of large volumes of scientific data, and enhance interactivity and personalisation
in presenting materials, particularly in the context of finance and economics.

The novelty of this topic lies in the fact that most research has focused on either general
journalism or scientific communication, while the intersection of scientific journalism and the
financial services industry remains understudied. The subject of the study is the use of Al
technologies (generative models, automation tools, algorithmic content management) in
scientific and journalistic materials, while the object of the study is scientific journalistic texts
on financial, economic, and technological themes produced with the assistance of Al.

Results

1. Generative Tools and Their Specific Features

Modern Al-driven text generation tools such as ChatGPT and Bard enable the automated
production of scientific journalistic content, including abstracts, reviews, and summaries [5]. In
financial journalism, these tools can automatically aggregate data, generate charts, and produce
explanatory commentary [1]. However, these outputs often exhibit stylistic uniformity and a
lack of authorial nuance. An analysis of 50 articles (25 Al-assisted and 25 traditional) revealed
that Al-generated texts contained fewer references to primary sources and lacked explicit
evaluative commentary. Thus, generative tools ensure speed and productivity at the cost of
stylistic depth and individual authorship.

2. Quality, Reliability, and Reader Trust

The perception of Al-generated content depends on its transparency and contextual
framing. According to Dijkstra et al. [2], science journalism that relies on automated systems
risks losing depth and interpretative richness. Our survey of 40 respondents supported this
conclusion: Al-generated texts scored 10-15% lower in perceived trustworthiness than human-
written ones. These findings are consistent with Gondwe’s theoretical observations on cognitive
trust and automation bias in journalism [3]. However, when Al-assisted texts included explicit
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references, authorial editing, and factual validation, their perceived quality increased
substantially [4]. Thus, transparency and editorial oversight are essential for maintaining trust
and credibility in Al-assisted journalism.

3. Ethical, Stylistic, and Methodological Constraints

Al-generated journalism faces several limitations. The ethical dimension—ranging from
potential misinformation to ‘“hallucinated” references—has been well documented [4].
Stylistically, Al tends to produce homogenised writing lacking argumentative depth and
context-specific nuances [8]. Methodologically, Al struggles to reproduce the balance between
empirical evidence and analytical interpretation characteristic of scientific journalism [9].
Furthermore, as Pall and Kostarella [7] argue, responsibility for Al-generated content remains
ambiguous: the author, editor, or system itself may be held accountable. Interviews conducted
for this study confirmed that editors prefer to treat Al as a support tool rather than as a substitute
for human authors. Thus, responsible Al use requires rigorous editorial control and transparent
accountability mechanisms.

Conclusion

This study demonstrates that the use of Al in scientific journalism offers considerable
potential for accelerating and automating the creation of analytical texts in financial and
economic domains. However, the findings also highlight significant limitations—stylistic
uniformity, reduced trust when Al involvement is undisclosed, and risks of factual and ethical
misrepresentation.

The key conclusion is that Al should not replace the human author but rather
complement editorial work. A synthesis of machine generation and human editing produces the
most balanced and credible results. Future progress requires specialised Al models for financial
communication, reliable fact-checking systems, and transparent labelling of Al involvement in
scientific and journalistic publications.
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